
Science of the Total Environment 647 (2019) 1211–1221

Contents lists available at ScienceDirect

Science of the Total Environment

j ourna l homepage: www.e lsev ie r .com/ locate /sc i totenv
Climatic water availability is the main limiting factor of biotic attributes
across large-scale elevational gradients in tropical forests☆
Arshad Ali a, Si-Liang Lin a, Jie-Kun He a, Fan-Mao Kong b, Jie-Hua Yu a, Hai-Sheng Jiang a,⁎
a Spatial Ecology Lab, School of Life Sciences, South China Normal University, Guangzhou 510631, Guangdong, China
b Guangzhou Qimao Ecological Technology Co., Ltd., Guangzhou 510631, Guangdong, China
H I G H L I G H T S G R A P H I C A L A B S T R A C T
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spatial driver of biotic factors.
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• Biotic factors increased monotonically
with soil fertility but decreased with
soil pH.

• Tree size or biomass-related biotic attri-
butes are sensitive to future drought
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Climaticwater availability is a key spatial driver of species distributionpatterns innatural forests. Yet,we donot fully
understand the importance of climaticwater availability relative to temperature, and climate relative to edaphic fac-
tors for multiple biotic attributes across large-scale elevational gradients in natural forests. Here, wemodelledmul-
tiple abiotic factors (elevation, climate, and edaphic factors) with each of the taxonomic-related (Shannon's species
diversity, species richness, species evenness, and Simpson's dominance) and tree size or biomass-related (individual
tree size variation, functional dominance and divergence, and aboveground biomass) biotic attributes through
boosted regression trees (BRT)models, using biophysical data from247,691 trees across 907 plots in tropical forests
in Hainan Island of Southern China. The tested multiple abiotic factors explained simultaneously 43, 50, 36, 45, 37,
50, 17 and 46%, respectively, of the variations in Shannon's species diversity, species richness, species evenness,
Simpson's dominance, individual tree size variation, functional dominance, functional divergence and aboveground
biomass. After the large influences of elevation (i.e. 30.43 to 62.83%), climatic water availability accounted for most
(i.e. 15.52 to 25.30%) of the variations in all biotic attributes. Beside the increasing trend with elevational gradients,
taxonomic diversity increased strongly with climatic water availability whereas tree size or biomass-related biotic
attributes showed strong decreasing and increasing trends. Tree size or biomass-related rather than taxonomic-
related biotic attributes also decreased apparently with mean annual temperature. Most of the biotic attributes
monotonically increased with soil fertility but decreased with soil pH, whereas soil textural properties had mostly
negligible influences. This study strongly reveals that future climate change (i.e. a decrease in climatic water avail-
ability with an increase in mean annual temperature) is thus likely to have a substantial influence on the biotic at-
tributes in the studied tropical forests across large-scale elevational gradients.
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1. Introduction

Topography (e.g. elevational gradients) is a key spatial driver of
plant biodiversity, composition, stand structural complexity and above-
ground biomass in tropical forests, as it constrains micro- and macro-
climatic conditions, soil nutrients and hydraulic conditions within
which trees grow (Jucker et al., 2018). However, it is generally well-
accepted that biotic attributes (e.g. plant biodiversity, composition,
stand structural complexity and aboveground biomass) are limited by
three key abiotic factors, such as climatic water, energy (i.e. either
solar radiation or temperature) and soil nutrient availability, across
large-scale geographical gradients (Gillman et al., 2015; Poorter et al.,
2017). Yet, across the globe, there is little understanding about the rel-
ative importance or contribution of multiple abiotic drivers for multiple
biotic attributes in natural forests. Specifically, the importance of cli-
mate relative to edaphic factors for multiple biotic attributes remains
unclear in natural forests across large-scale elevational gradients.

Across a wide range of biogeographical gradients, climate (i.e. mean
annual temperature andwater availability) and edaphic (i.e. soil physico-
chemical properties and texture contents) factors can largely influence bi-
otic attributes through variations in metabolic kinetics, physiological and
environmental determinants of plant growth (Anderson et al., 2006; Chu
et al., 2016; Michaletz et al., 2018; Paquette and Messier, 2011; Poorter
et al., 2017). For example, the rates of photosynthesis and respiration ex-
ponentially increase with favorable ranges of temperature (i.e. available
energy) to a critical value (i.e. high temperature, and hence heat) beyond
which rates including net primary productivity decrease (Berry and
Bjorkman, 1980; Ciais et al., 2005; Michaletz et al., 2014). More specifi-
cally, increasing temperatures (i.e. heat) may imply lower tree growth
in tropical forests because temperatures are already high in tropical for-
ests (Clark et al., 2003). As such, it is also well-understood that most of
the tree species (i.e. about 72%) are sensitive to temperature variation,
and even to a very small range in temperatures (e.g. 24 to 27 °C), in trop-
ical forests (Toledo et al., 2012). In addition, climaticwater availability and
drought sensitivity are recognized asmain influencing factors for the spe-
cies distribution, diversity and ecosystem functioning in tropical natural
forests (Bongers et al., 1999; Poorter et al., 2017; Toledo et al., 2012).
For example, high precipitation (and thus high climaticwater availability)
increases the length of the growing season, which in turn increases the
plant growth, survival and recruitment, and hence higher aboveground
biomass or productivity at stand level (Poorter et al., 2017; Toledo et al.,
2012). As such, but in the oppositeway, several theories related to climate
change scenarios predict and empirical studies suggest that droughts (i.e.
low climatic water availability) may lead to increased tree mortality and
hence reduced aboveground biomass in both short-term (Phillips et al.,
2010) and long-term (Poorter et al., 2017). However, small mismatches
between the theories and empirical studies still exist in the literature,
probably due to the differences between experimental and natural stud-
ies. For example, climatic water availability increases the annual biomass
growth and survival rates, whereas high temperature decreases biomass
growth but high precipitation events also increasemortality rates in trop-
ical natural forests (Aubry-Kientz et al., 2015; Clark et al., 2003; Poorter
et al., 2017). Yet, the importance of climatic water availability relative to
mean annual temperature for multiple biotic attributes is less consensual
across large-scale elevational gradients in natural forests.

It is generallywell-understood that climatic factors relative to edaphic
factors explain higher variations in species distribution patterns, biodiver-
sity and ecosystem functioning in natural forests (Poorter et al., 2017;
Toledo et al., 2012). The highest importance of climate relative to edaphic
factors is probably due to the fact that climatic factors vary over large-
scales whereas edaphic factors vary at small-scales, and hence edaphic
factors act as an additional ecologicalfilter for influencing biotic attributes
at local- and small-scale environmental conditions (Swaine, 1996; Toledo
et al., 2012). For example, it has been increasingly reported that high
aboveground biomass or productivity is often located on nutrient-poor
soils in subtropical and tropical forests at local- and small-scales (Ali
and Yan, 2017; Chiang et al., 2016; Malhi, 2012; Prado-Junior et al.,
2016; Singh et al., 1989; Singh et al., 2017), and hence contrary to the pre-
dictions of the soil fertility hypothesis (Quesada et al., 2012;Wright et al.,
2011). Indeed, soils can be very variable in their types and textural prop-
erties, andhencemay also influence the soil nutrients, andwaterflowand
availability to the plants (Sala et al., 1988; Sanaei et al., 2018; Toledo et al.,
2012). However, many hypothesized mechanisms regarding the influ-
ences of multiple edaphic factors on multiple biotic attributes in natural
complex forests remain empirically untested (Michaletz et al., 2018;
Poorter et al., 2017). For example, the inverse-texturehypothesis suggests
that high productivity is located on fine-textured and wet soils in humid
regions while located on coarse-textured soils in arid regions following a
reduction in evaporation (Noy-Meir, 1973; Sala et al., 1988). Surprisingly,
this hypothesis has received much less attention in complex natural for-
ests as compared to the grasslands and rangelands (Lane et al., 1998;
Sanaei et al., 2018). Moreover, little is known about the influence of mul-
tiple edaphic factors relative to climatic factors on multiple biotic attri-
butes across global forest ecosystems.

Tropical forests are most structurally complex and important carbon
sinks in the terrestrial ecosystems as they could sequester and process a
large amount of carbon through photosynthesis and respiration mecha-
nisms (Malhi, 2012; Pan et al., 2011). Therefore, identifying themain lim-
iting factor of biotic attributes is urgently needed for the conservation and
enhancement of these carbon sinks within a specific region across differ-
ent forest types andbiomes (Durán et al., 2015; Jucker et al., 2018; Poorter
et al., 2017). Accordingly, in this study, we aim to evaluate howmultiple
biotic attributes (e.g. taxonomic- and tree size or biomass-related indices)
are related tomultiple abiotic drivers (climate and edaphic factors) across
large-scale elevational gradients in tropical forests. Specifically, we ad-
dress the following two major questions, using biophysical data from
247,691 trees across 907 plots in tropical forests in Hainan Island of
Southern China. First, what are the relative contributions of multiple abi-
otic drivers for biotic attributes in tropical forests? Second, what is the
main limiting factor (in terms of both relative contribution and influence)
of biotic attributes along large-scale elevational gradients in tropical for-
ests?We hypothesize that biotic attributes are strongly influenced by cli-
matic water availability along large-scale elevational gradients because
climatic water availability has been shown to influence species distribu-
tions, survival and recruitment ratesmore than edaphic factors in tropical
forests (Poorter et al., 2017; Swaine, 1996; Toledo et al., 2012). Our pro-
posed hypothesis leads to two main predictions: 1) taxonomic
diversity-related biotic attributes, including Shannon's species diversity,
species richness, evenness and Simpson's dominance, may increase with
increasing climatic water availability along large-scale elevational gradi-
ents, probably due to the stronger response of species coexistence and
distributions to climate as compared to edaphic factors because of the hi-
erarchy in environmental filters (Swaine, 1996; Toledo et al., 2012); and
2) tree size or biomass-related biotic attributes, including individual tree
size variation, aboveground biomass, and functional dominance and di-
vergence, may show unclear or unpredictable trends with increasing cli-
matic water availability along large-scale elevational gradients, because
plant species differ in their tolerance of and requirements from the envi-
ronment probably due to the fact that different sized trees may have dif-
ferent consequences on biomass demographic processes and also
different habitat requirements for water and soil nutrients within a
given community (Poorter et al., 2017; Swaine, 1996; Toledo et al.,
2012). This study may serve as a tool for predicting plant biodiversity
and ecosystem functioning based on climatic factors and edaphic factors
along large-scale elevational gradients in natural forests.

2. Materials and methods

2.1. Study area and forest inventory data

This study was conducted on Hainan Island (latitude 18°10ˊ-20°10ˊ
N, longitude 108°37′-111°03′E) in Southern China. Hainan Island covers
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33,900 km2 of the land area and located at the northern edge of the tro-
pics. A tropical monsoon climate characterizes the area includes distinct
dry and wet seasons including typhoons. The main zonal vegetation is
characterized as a tropical rainforest and tropical monsoon forest. In
this study, we used data from907 plots distributed across theHainan Is-
land of Southern China (Fig. S1). Across studied plots, mean annual pre-
cipitation ranged from 1008 to 2038 mm, mean annual temperature
from 17 to 25 °C, mean annual potential evapotranspiration from 1125
to 1451 mm, elevation from 1 to 1819 m.a.s.l., and the soil total ex-
changeable bases from 2.2 to 28.5 cmol kg−1. The soils are classified as
Acrisols, Arenosols, Alisols, Andosols, Anthrosols, Cambisols, Fluvisols,
Ferralsols, Leptosols, Regosols, Nitisols, and Solonchaks in the Harmo-
nized World Soil Database (FAO et al., 2012).

Prior to 1950s, the area occupied by forests on Hainan Island was
largely natural, whereas the non-forested area was mainly farmland.
In the history, forest area had been subjected to both anthropogenic
and natural disturbances, and hence decreased considerably due to log-
ging for timber, windthrow through typhoons, artificial plantations, and
residential expansion, with natural forest cover reached to a minimum
level in the 1980s. In response to this dramatic loss of the natural forest
cover due to the variable intensities of the humandisturbances, theHai-
nan Provincial Government implemented logging ban rules in the natu-
ral forests in 1994. The secondary forests in the region have been
protected from anthropogenic activities for the last 25 years or more,
whereas the old growth forests have been protected from complete
clearance for centuries. Consequently, the studied region contained
both secondary and old growth forests. We selected forest stands that
had recovered naturally from logging in the study region including old
growth forests, with no visible anthropogenic disturbances for more
than four decades (Lin et al., 2017). Therefore, the areas of our studied
907 plots ranged from 0.035 to 0.25 ha where most of the plots were
square and few of them were almost rectangular in shape. The size of
the plot depends on several factors such as physical constraints in the
studied area, historical anthropogenic disturbances, community struc-
ture and the abundance of big trees etc.

In this study, we used biophysical data from 907 plots distributed
randomly across the Hainan Island of Southern China (Fig. S1). In each
plot, during April 2009–August 2017, all individual trees having a diam-
eter at breast height (DBH) ≥ 3 cmwere separatelymeasured and recog-
nized to species-level, and the total tree height for each tree was also
measured. For the identification of species in Latin names, Chinese
Flora Database (http://foc.eflora.cn/) was used. It is important to men-
tion here that most of the species were identified to their Chinese
names in the field, and then Chinese Flora Database was used to assign
the Latin names to the identified species. The unidentified species in the
field were brought back to the nearest Forest Research Station for iden-
tification through the help of taxonomists or local experts. As recom-
mended by previous methodological and empirical studies for
biodiversity and ecosystem functioning (Conti and Díaz, 2013;
Cornelissen et al., 2003; Pakeman and Quested, 2007), we covered and
identified 75% to 95% of themost of the abundant and dominant species
of the total community (i.e. plot) coverage across 907 forest plots, based
on both the species' relative frequency and relative basal area within
each plot. This forest inventory resulted in a total of 247,691 individuals
belonging to 994 identified species, 378 genera and 104 families across
907 plots (see Appendix A for a summary of studied species).

2.2. Response variables: Biotic attributes

In this study, we used eight biotic attributes as single response vari-
ables against multiple abiotic factors: Shannon's species diversity, spe-
cies richness, species evenness, Simpson's species dominance,
individual tree size inequality, functional divergence, functional domi-
nance and aboveground biomass (Pielou, 1969; Shannon, 1948;
Simpson, 1949). The species' relative basal area was used to weight
the number of tree species for the calculations of Shannon's species
diversity, evenness and Simpson's dominance within each plot, as sug-
gested by previous studies (Ali and Yan, 2017; Prado-Junior et al., 2016).

We used tree maximum height as a key plant functional trait for the
calculations of functional dominance and divergence, which may sub-
stantially influence aboveground biomass (Ali et al., 2017; Conti and
Díaz, 2013). Functional dominance (Eq. (1)) was calculated as the aver-
age tree maximum height values in each plot, weighted by the species'
relative basal area, which represents the expected variety of a single
trait valueswithin a given plot (Díaz et al., 2007). Functional divergence
(Eq. (2)) was quantified as the variance in tree maximum height values
weighted by the species' relative basal area in each plot (Mason et al.,
2003).

CWMx ¼
Xs
i¼1

piti ð1Þ

FDvar ¼ 2=πarctan 5Vð Þand V ¼ ∑s
i¼1pi lnxi−lnxð Þ2 ð2Þ

where CWMx is the CWM for trait x, FDvarx is the functional divergence
of trait x, s is the number of species in the plot, pi is the relative basal area
of ith species in the plot pi ¼ ai=

Ps
n¼1 ai, and lnx ¼ Ps

i¼1 pilnxi. FDvar
values range between 0 and 1 (Ali et al., 2017).

The coefficient of variation (a measure of relative variability) of tree
height, the ratio of the standard deviation of all tree height measure-
ments to the mean tree height (Eq. (3)), was used to quantify the indi-
vidual tree size inequality within each plot, expressed as a percentage
(Ali and Mattsson, 2017; Ali and Yan, 2017). We used the relative vari-
ability of individual trees heights, because the individual tree size in-
equality represents the niche complementarity and facilitation effects
(Yachi and Loreau, 2007).

CVj ¼
sj
xj

� 100 ð3Þ

where CVj is the individual tree size variation, sj is the standard
deviation of all tree heights measurements within jth plot, i.e. s j ¼ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiP

ðx j−xjÞ
2

ni−1

r
, x j is the mean tree height of the jth plot, i.e. x j ¼

Pn

i¼1
xi

ni
,

and xj is the value of each individual tree height in the jth plot being aver-
aged. All the above biotic attributes were quantified or calculated using
the vegan, FD, dbFD, functcomp and raster packages.

Weused the best-fit biomass allometricmodel for topical trees (Chave
et al., 2014) for the quantification of aboveground biomass (Eq. (4)), and
after that, the aboveground biomass of all individual trees was scaled up
to the plot-level by converting intomega-gramper hectare. This global al-
lometric model is based on tree DBH, height (H) and species' wood den-
sity (ρ), and has been widely applied for the estimation of aboveground
biomass across (sub-) tropical forests of the world (Ali and Yan, 2017;
Jucker et al., 2018; Poorter et al., 2017). Here, we collectedwood densities
of the species in the wood density databases (Chave et al., 2009; Reyes
et al., 1992; Zanne et al., 2009). In those cases, wood densities of
specific-species were not found, genus- or family- or plot-level mean
wood density values were used instead, as suggested by several previous
critical studies (e.g. Jucker et al., 2018).

AGB ¼ 0:0673� ρ� DBH2 �H
� �0:976

ð4Þ

The summary of biotic variables used in the analysis is listed in
Table S1.

2.3. Explanatory variables: Abiotic drivers

In this study, we used nine abiotic factors for explaining variation in
each of the above mentioned biotic factors: elevation, climatic water

http://foc.eflora.cn
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availability, mean annual temperature, soil fertility, soil textual proper-
ties (sand, silt and clay), gravel and soil pH.

We first recorded the geographical coordinates (latitude and longi-
tude) and elevation of each plot using a handheld Geographic Position-
ing System.We then extracted mean annual temperature, mean annual
temperature and mean annual potential evapotranspiration for each
plot from a global climate dataset (http://www.worldclim.org/). We
calculated climaticmoisture index, through the subtraction ofmean an-
nual potential evapotranspiration from mean annual precipitation, to
represent the climatic water availability. Higher values of climaticmois-
ture index represent higher water availability for plants (Hogg, 1997).

We obtained soil total exchangeable bases (soil TEB; the sum of base
cations Ca2+, Mg2+, K+ and Na+, in cmol kg−1), soil textural fractions
(i.e., sand, silt and clay, in %wt.), gravel content (in %vol.), and soil pH
(−log(H+)) of the topsoil (0–30 cm) and subsoil (30–100 cm) from
the Harmonized World Soil Database (FAO et al., 2012). We used a
mean value for each of these soil physicochemical properties of the top-
soil and subsoil for each plot to better represent the edaphic factors for
biotic attributes (Poorter et al., 2017). We acknowledge that soil phos-
phorus, nitrogen and other nutrients are also important for determining
the biotic attributes, but unfortunately, these data were not available in
the HarmonizedWorld Soil Database. The summary of abiotic variables
used in the analysis is listed in Table S1.

2.4. Statistical analyses

We used boosted regression trees (BRT) models to examine how
each biotic attribute is driven by multiple abiotic drivers, including cli-
matic water availability, mean annual temperature and edaphic factors,
across large-scale elevation gradients in tropical forests. Here, we in-
cluded elevation as a covariate to account for the interactions of eleva-
tion with abiotic factors as well its influence on a given tested biotic
attribute. The BRT approach is rooted in advancements in machine
learning algorithms, where the final best model is “learned” from the
data and not predetermined. Because of reducing bias and maximizing
explained variance, the BRT approach may be better-appropriate to
test the relative contributions of multiple abiotic factors for biotic attri-
butes in natural forests (Yuan et al., 2018). Boosting, or more specifi-
cally, stochastic gradient boosting, increases explanatory power by
reducing the over-learning, or overfitting, that usually occurs with sim-
ple regression trees. Because of these advantages of the BRT method
over other statistical models (De'ath, 2007; Elith et al., 2008), there
has been recentmotivation in tree-basedmodels for ecological applica-
tions particularly for assessing the relationships between abiotic and bi-
otic factors in natural forests (Lin et al., 2016; Yuan et al., 2018).

We fitted 4 BRT models for each biotic attribute with a combination
of the following recommended settings for ecological modelling
(De'ath, 2007; Elith et al., 2008): learning rate of 0.001, bag fractions
of 0.60, and a tree complexity of 1, 2, 3 and 4 to account for potential
Table 1
Results of boosted regression tree analysis (BRT) of biotic attributes versus abiotic factors in trop
influences of multiple abiotic factors to the accounted variation of each BRT model for biotic fa

BRT models for biotic attributes Abiotic drivers' relative importance

Elevation CMI MAT pH Grave

Hs 54.37 22.58 2.21 9.61 3.82
ln (SR) 57.14 19.60 1.76 9.40 4.00
SE 51.10 21.30 9. 20 4.97 2.03
SD 62.83 15.52 8.39 4.09 1.92
ln (CV H) 32.43 20.04 7.92 3.30 7.03
ln (CWM Hmax) 53.20 17.78 6.60 4.66 3.12
FDvar Hmax 30.43 25.30 3.43 2.79 2.14
ln (AGB) 53.21 17.12 7.67 6.77 2.78

Abbreviations: Hs, Shannon's species diversity; SR, species richness; SE, species evenness; SD, S
size variation); CWM Hmax, functional dominance; FDvar Hmax, functional divergence; AGB
water availability); MAT, mean annual temperature (i.e. heat); pH, soil pH; Soil TEB, soil total
(BRT model index); R2, coefficient of determination.
higher order interactions. The above model-testing technique was re-
peated 49 times for each model because BRT outputs from cross-
validation can largely differ due to the bag fraction depending on the
random selection of points for the folds. So, the average of 49 repeated
modelswas used for themodelfit statistics and validations.We selected
to show our results based on the recommended best learning rate
(0.001) for ecological modelling, less prediction error (i.e. % changes in
prediction error) and low tree complexity for the purpose to avoid
over-learning (Table S2). A Gaussian distribution was used for all BRT
models because most of the biotic attributes comprise continuous nu-
merical variables. However, some of the biotic attributes (e.g. species
richness, individual tree size variation, functional dominance and
aboveground biomass) were natural-logarithm transformed and stan-
dardized, to obtain amean of 0 and a standard deviation of 1, to improve
normality, comparison among multiple predictors, and to reduce the
model error (Yuan et al., 2018).

The percentages of variation by multiple abiotic factors represent
their relative contributions to total variation (i.e., R2) explained by the
BRT model for a given response variable (i.e. biotic attribute). The im-
portance of each abiotic factor was assessed based on both the relative
contribution to the explained variation and the modelled relationship
for a given abiotic factor versus biotic attribute. All BRT analyses were
carried out in R 3.4.2 using the gbm and caret packages and other com-
plementary functions (De'ath, 2007; Elith et al., 2008). The histograms
of the studied biotic and abiotic variables including tree DBH and height
of all individuals are provided in Fig. S2. Thematrix of Pearson's correla-
tion for each pair of the test variables is provided in Fig. S3.

3. Results

The tested multiple abiotic factors (i.e. elevation, climatic water
availability, mean annual temperature, soil pH, gravel, sand, silt, clay
and soil fertility) explained simultaneously 43, 50, 36, 45, 37, 50, 17
and 46%, respectively, of the variations in Shannon's species diversity,
species richness, species evenness, Simpson's dominance, individual
tree size variation, functional dominance, functional divergence and
aboveground biomass (Table 1). Although the relative contributions of
abiotic factors to biotic attributes were different across large-scale
elevational gradients, climatic water availability accounted for most
(i.e. 15.52 to 25.30%) of the variations in all biotic attributes after the
large influences of elevation (i.e. 30.43 to 62.83%). Soil fertility ex-
plained 0.36 to 17.68% of the variations in biotic attributes, followed
by silt content (2.44 to 14.21%), soil pH (2.79 to 9.61%), mean annual
temperature (1.76 to 8.39%), gravel (1.92 to 7.03%), clay (1.65 to
3.38%), and sand (0.61 to 2.08%) (Table 1).

Taxonomic diversity-related biotic attributes (i.e. Shannon's diver-
sity, species richness, evenness and Simpson's dominance) increased
with increasing climatic water availability while showing generally in-
creasing to slight humpbacked type relationships with elevational
ical forests. ‘Abiotic drivers' relative importance’ shows the relative contributions (in %) or
ctors in tropical forests.

Model statistics and validations

l Sand Silt Clay Soil TEB TC PE Trees R2

0.97 4.29 1.65 0.50 2 0.35 9500 0.43
0.61 4.99 2.14 0.36 3 0.60 7450 0.50
2.80 4.48 2.65 1.47 2 0.01 7900 0.36
1.99 2.44 2.34 0.47 2 0.01 6900 0.45
1.04 14.21 3.38 10.64 3 0.73 7000 0.37
0.79 4.87 2.59 6.39 3 0.60 7800 0.50
2.51 13.09 2.63 17.68 2 0.01 4650 0.17
1.61 4.30 2.80 3.73 3 0.66 7750 0.46

impson's species dominance; CV H, coefficient of variation of tree heights (individual tree
, aboveground biomass; ln, natural-logarithm; CMI, climatic moisture index (i.e. climatic
exchangeable bases (soil fertility); TC, tree complexity; PE, prediction error; Trees, n.trees

http://www.worldclim.org


Fig. 1. Modelled relationships (solid lines) between Shannon's species diversity and multiple abiotic factors including elevation, climatic water availability (i.e. climatic moisture index;
CMI), mean annual temperature (MAT; i.e. heat), soil total exchangeable bases (soil TEB; i.e. soil fertility), soil pH, soil textural properties (sand, silt and clay contents) and gravel
contents across 907 tropical forest plots. Background points show the observed values for the 907 forest plots.
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gradients (Figs. 1, 2, 3 & 4). Tree size or biomass-related biotic attributes
(i.e. individual tree size inequality, aboveground biomass, functional
dominance and divergence) showed unclear trends with climatic
water availability while showing generally increasing trends with
elevational gradients (Figs. 5, 6, 7 & 8). More specifically, individual
tree size variation and functional dominance showed strong decreasing
and increasing trendswith climaticwater availability (Figs. 5 & 6). Func-
tional divergence showed a generally decreasing trend with climatic
water availability (Fig. 7). Abovegroundbiomass decreasedwith low cli-
maticwater availability and then plateauedwith slight decreasing trend
after small peaking with high climatic water availability (Fig. 8).

Tree size or biomass-related attributes decreased with increasing
mean annual temperature and soil pH, but monotonically increased
with soil fertility, from 0 to 8 cmol kg−1, and then plateaued with soil
fertility N8 cmol kg−1 (Figs. 5, 6, 7 & 8). By contrary, taxonomic
diversity-related attributeswereweakly relatedwithmean annual tem-
perature and soil fertility, but monotonically decreased with soil pH,
from 5 to 5.2, and then plateaued with soil pH N 5.2 having very slight
increasing or decreasing trends (Figs. 1, 2, 3 & 4). Soil textural properties
and gravel content did not show any apparent relationships with taxo-
nomic diversity-related attributes (Figs. 1, 2, 3 & 4), but show weak to
moderate increasing or decreasing relationships with tree size or
biomass-related attributes (Figs. 5, 6, 7 & 8). More specifically, func-
tional divergence increasedwith silt content, from 17 to 27%wt., but de-
creased monotonically at high clay content (i.e. 55%wt.), and then
plateaued. As such, individual tree size variation and functional domi-
nance increased monotonically with silt and gravel contents but de-
creased with clay content. Aboveground biomass increased
monotonically with gravel content from low to high, whereas also in-
creased with silt content b25%wt., and then decreased markedly with
no further clear change with silt content N27%wt.
4. Discussion

In this study, we evaluated the relative contributions of the multiple
abiotic drivers for multiple biotic attributes in tropical forests by using a
BRT modelling framework. We found that, after elevation, climatic
water availability is themain determining factor for all studied biotic at-
tributes in the studied tropical forests. In addition, we also found that
most of the studied biotic attributes decreased apparently with mean
annual temperature but increased with soil fertility whereas the soil
textural properties had negligible influences.

In line with our hypothesis, we found that, after the large influences
of elevation (i.e. explained 49.34% of the variation, at average) as a co-
variate, climatic water availability is the most important abiotic factor
(i.e. 19.91%) than temperature (i.e. 5.43%) and edaphic factors (i.e.
b7%) in affecting themultiple biotic attributes in tropical forests. Despite
the increasing trend along large-scale elevational gradients, results in
this study indicate that taxonomic diversity-related biotic attributes
are positively related to climatic water availability but negligibly related
to mean annual temperature. In addition, climatic water availability in-
creased but mean annual temperature decreased with elevation in the
studied forests (Fig. S3), which may largely explain the high contribu-
tion of climatic water availability relative to temperature for species di-
versity across large-scale elevational gradients (Bhattarai and Vetaas,
2003; Kluge et al., 2006). For example, our studied tropical forests are
at the low- to mid-range of the precipitation gradient (i.e.1008–2038-
mmyear−1), and climaticwater availability is, therefore, amain limiting
factor as compared to the forests at higher range of the precipitation
gradient, where nutrient and energy availabilities might be the limiting
factors (Lohbeck et al., 2013; Toledo et al., 2012). As such, the strong re-
lationship of species distribution with climatic water availability has
been reported in numerous studies (Bongers et al., 1999; Borchert,



Fig. 3.Modelled relationships (solid lines) between species evenness andmultiple abiotic factors. General explanation and themeaning of all acronyms are provided in the caption of Fig. 2.

Fig. 2.Modelled relationships (solid lines) between the natural logarithm of species richness and multiple abiotic factors. The multiple abiotic factors are elevation, climatic water index
(CMI, i.e. climatic water availability), mean annual temperature (MAT; i.e. heat), soil total exchangeable bases (soil TEB; i.e. soil fertility), soil pH, soil textural properties (sand, silt and clay
contents) and gravel contents. Background points show the observed values for the 907 forest plots.
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Fig. 4.Modelled relationships (solid lines) between Simpson's dominance andmultiple abiotic factors. General explanation and themeaning of all acronyms are provided in the caption of Fig. 2.

Fig. 5.Modelled relationships (solid lines) between the natural logarithmof individual tree size variation andmultiple abiotic factors. General explanation and themeaning of all acronyms
are provided in the caption of Fig. 2.
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Fig. 6.Modelled relationships (solid lines) between the natural logarithm of functional dominance and multiple abiotic factors. General explanation and the meaning of all acronyms are
provided in the caption of Fig. 2.

Fig. 7.Modelled relationships (solid lines) between functional divergence andmultiple abiotic factors. General explanation and themeaning of all acronyms are provided in the caption of Fig. 2.
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Fig. 8.Modelled relationships (solid lines) between the natural logarithm of aboveground biomass and multiple abiotic factors. General explanation and the meaning of all acronyms are
provided in the caption of Fig. 2.
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1998; Engelbrecht et al., 2007; Toledo et al., 2012), and hence it is rea-
sonable that climatic water availability is a key limiting factor of biotic
factors in tropical forests (Poorter et al., 2017).

Experimental and natural studies have suggested that seasonal
drought relative to other factors (e.g. temperature and soil nutrients)
may have a stronger influence on the tree growth, recruitment and sur-
vival because it can directly affect the plantmetabolic rates and physiol-
ogy in the short term (Engelbrecht et al., 2005; Michaletz et al., 2014;
Phillips et al., 2010; Poorter and Markesteijn, 2008). Therefore, it is rea-
sonable that climatic water availability indeed increases biomass-
related variables such as biomass growth of survivor and biomass stocks
(Poorter et al., 2017), probably due to the longer length of the growing
season related to the high precipitation over the year (Toledo et al.,
2012). However, in this study, individual tree size variation and func-
tional dominance showed strong decreasing and increasing trends
while functional divergence showed a generally decreasing trend with
climatic water availability. Whereas, aboveground biomass decreased
at the lower edge of the climatic water availability and then plateaued
with slight decreasing trend after small peaking with high climatic
water availability. These conflicting unclear results as compared to the
taxonomic diversity-related biotic attributes might be attributable to
the fact that climatic water availability limits the ability of plants to uti-
lize available energy (either solar radiation or temperature) (Evans
et al., 2005). As such, we also found that these tree size or biomass-
related biotic attributes as compared to the taxonomic diversity de-
creased apparently with increasing mean annual temperature while
showing unclear trends with climatic water availability, which might
be attributable to the influence of seasonal drought across large-scale
elevational gradients (Ciais et al., 2005). In sum, climatic water avail-
ability is, therefore, an important limiting factor of the species diversity
as well as productivity-related biotic attributes in tropical forests across
large-scale elevational gradients (Poorter et al., 2017; Toledo et al.,
2012). This study suggests that tree size or biomass-related biotic attri-
butes are sensitive to drought and heat whereas the taxonomic
diversity-related biotic attributes make the studied tropical forest
more resilient to climate change across large-scale elevational gradients
(Poorter et al., 2017; Toledo et al., 2012).

One of the important findings of this study is that mean annual tem-
perature had negligible influences on taxonomic diversity-related biotic
attributes, whereas tree size or biomass-related biotic attributes de-
creased apparently with mean annual temperature but the relative in-
fluence was relatively weak as compared to climatic water availability.
Indeed, species richness is strongly temperature-dependent across
large-scale geographical gradients, and hence increases exponentially
with increasing environmental temperaturewithin the favorable ranges
(i.e. available energy) until the critical value of temperature (i.e. heat)
(Berry and Bjorkman, 1980; Michaletz et al., 2014; Wright, 1983). The
negligible influences of temperature relative to climatic water availabil-
ity on taxonomic diversity might be attributable to the fact that climatic
water availability limits available energy for plants (Evans et al., 2005).
However, our results and those from previous studies highlight the im-
portance of water–energy balance for influencing the tree size or
biomass-related variables directly and indirectly via physiological re-
sponses of the species (i.e. taxonomic-related variables) (Chu et al.,
2016; Michaletz et al., 2018). Therefore, the observed decreasing pat-
tern of tree size or biomass-related variables withmean annual temper-
ature might be related to the fact that heat can influence species
diversity and productivity indirectly via plant size or biomass (Ciais
et al., 2005; Michaletz et al., 2014). For example, it is theoretically plau-
sible that rates of photosynthesis and respiration increase exponentially
with temperature (i.e. the use of available energy) to a critical level of
temperature (i.e. high temperature, and hence heat) beyond which
rates decrease across large-scale or relevant temperatures (Berry and
Bjorkman, 1980; Michaletz et al., 2014). However, it is also plausible
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that photosynthetic rate and hence aboveground biomass increasewith
climatic water availability (Huxman et al., 2004; Ponce-Campos et al.,
2013; Poorter et al., 2017). These contrasting patterns suggest that cli-
matic variables (i.e. water and temperature) influence tree size or
biomass-related variables directly via metabolic kinetics (Chu et al.,
2016). Furthermore, local adaptation of thermal and edaphic tolerances
may restrict the physiological responses of the species (i.e. taxonomic-
related variables) (Enquist et al., 2007; Kerkhoff et al., 2005), and
hence climate influences may result not directly from changes in meta-
bolic rates but rather indirectly via individual tree size variation, above-
ground biomass, stand structure and age, and growing season length
(Michaletz et al., 2018). Therefore, efforts to predict biotic attributes in
response to climatic change should include themechanisms that govern
maximum plant size or biomass-related variables (Michaletz et al.,
2014).

In this study, we also found that edaphic factors relative to climatic
factors had explained very less or a negligible amount of the variations
in most of the studied biotic attributes in tropical forests. Numerous ex-
planationsmight elucidate the lower contribution of edaphic factors rel-
ative to the climate in our and other tropical forests (Poorter et al., 2017;
Toledo et al., 2012). For example, climate acts a fundamental ecological
filter at larger geographical scales, whereas edaphic factors act as a sup-
plementary filter under similar environmental conditions at smaller
local scales (Swaine, 1996). As such, we found that climatic factors rel-
ative to edaphic factors had strong correlations with elevation
(Fig. S3) and that elevation had accounted for most of the variations in
biotic factors, thereby indicating that climatic water availability is the
main limiting factor of biotic factors across large-scale elevational gradi-
ents in the studied forests. More specifically, soil fertility (i.e. the soil
total exchangeable bases) and soil pH explained only 5.16% and 5.70%
(at average) of the variations in most of the studied biotic factors, re-
spectively. Indeed, edaphic factors are influencing biotic factors in cli-
matically homogeneous environments at small local scales (Ali and
Yan, 2017; Clark et al., 1998; Harms et al., 2001). As such, we found
that biotic attributes monotonically increased with soil fertility but de-
creased with soil pH at lower edge (i.e. acidic), although the relative
contributions were less in most cases. In addition, we also found that
soil textural properties and gravel contents explained b7% (at average)
of the variations in biotic attributes. Soil texture may greatly influence
the soil water-holding capacity and hence may strongly alter the avail-
ability of soil water to plants, which may, in turn, influence the species
diversity (Sanaei et al., 2018; ter Steege et al., 1993). As such, we
found that most of the biotic attributes are slightly apparently related
to the gravel, clay and silt contents suggesting that studied tropical for-
est species prefer edaphically wet soils. This result applies the impor-
tance of soil water availability as a determinant of biotic attributes
(Aubry-Kientz et al., 2015; Toledo et al., 2012), and we hope that our
studywill encourage further studies on this point, i.e. the relative contri-
bution of climatic and soil water availability for biotic attributes.

Lastly, we acknowledge that elevation is a key spatial driver of both
taxonomic-related and tree size or biomass-related biotic attributes in
the studied tropical forests, as it explains a large amount of variations
in the studied biotic attributes. However, it is well-understood that ele-
vation determines climate and soil for driving biotic factors and ecosys-
tem functioning (Jucker et al., 2018). Therefore, in this study, we used
elevation as a covariate with climate and edaphic factors for predicting
biotic attributes, in order to control the large influence of elevation be-
cause climate and edaphic factors are the spatial drivers of biotic attri-
butes in tropical forests (Poorter et al., 2017; Toledo et al., 2012).
However, further understandings are necessary to evaluate how cli-
matic, edaphic and biotic factors simultaneously influence ecosystem
functioning (Michaletz et al., 2018; Poorter et al., 2017), while account-
ing for the direct and indirect effects of spatial factors (e.g. longitude,
latitude and elevation) on them (Jucker et al., 2018), in the structural
equation modelling, which can be more informative in understanding
macroecological mechanisms or biogeographical patterns.
5. Conclusions

This study strongly reveals that climatic water availability is the
main determining factor for all studied biotic attributes in the studied
tropical forests across large-scale elevational gradients. Tree size or
biomass-related rather than taxonomic-related biotic attributes also de-
crease apparently with mean annual temperature. Future climate
change (i.e. a decrease in climatic water availability with an increase
in mean annual temperature) is thus likely to have a substantial influ-
ence on the biotic attributes in the tropical forests. This study suggests
that efforts to predict biotic attributes in response to climatic change
should include the tree size or biomass-related variables in complex
natural forests. This study concludes that biotic attributes are very sen-
sitive to future drought (i.e. low climatic water availability) and heat
(i.e. high temperature beyond the critical value) in the studied tropical
forests across large-scale elevational gradients.

Data availability

A summary of the studied species is provided in Appendix A. A sum-
mary of the variables used in this study is provided in Table S1 (Appen-
dix B). More information about the dataset is available upon reasonable
request to the authors.

Contribution of the co-authors

AA and HSJ designed the study. SLL, JKH, FMK, JHY and HSJ collected
field data. AA complied and analyzed the data and wrote the manu-
script. SLL, JKH and HSJ contributed critically to the draft. All coauthors
gave final approval for publication. The authors declare that they have
no conflict of interest.

Acknowledgements

The authors would like to thank the Wildlife Protection Bureau of
Hainan Province for supporting this work. We thank the Nature re-
serves, forest farms and forest bureaus in all 18 cities and counties for
their assistance during the field surveys. We thank Qing Chen,
Huanqiang Chen, Shuo Sun and Yiwen Liang for their dedication to
our fieldwork campaigns. We thank Chundong Wang, Lin Fang, Yanni
Mo for their support related to the fieldwork and administrative com-
munication. We also thank Hua Zhu and Qiang Xie for their advice re-
garding the field surveys. AA is financially supported by Guangdong
Provincial Government (Postdoctoral No. 205588) for conducting eco-
logical research at South China Normal University.

Appendix A. Supplementary data

Supplementary data to this article can be found online at https://doi.
org/10.1016/j.scitotenv.2018.08.072.

References

Ali, A., Mattsson, E., 2017. Disentangling the effects of species diversity, and intraspecific
and interspecific tree size variation on aboveground biomass in dry zone
homegarden agroforestry systems. Sci. Total Environ. 598, 38–48.

Ali, A., Yan, E.-R., 2017. The forest strata-dependent relationship between biodiversity and
aboveground biomass within a subtropical forest. For. Ecol. Manag. 401, 125–134.

Ali, A., Yan, E.-R., Chang, S.X., Cheng, J.-Y., Liu, X.-Y., 2017. Community-weighted mean of
leaf traits and divergence of wood traits predict aboveground biomass in secondary
subtropical forests. Sci. Total Environ. 574, 654–662.

Anderson, K.J., Allen, A.P., Gillooly, J.F., Brown, J.H., 2006. Temperature-dependence of bio-
mass accumulation rates during secondary succession. Ecol. Lett. 9, 673–682.

Aubry-Kientz, M., Rossi, V., Wagner, F., Hérault, B., 2015. Identifying climatic drivers of
tropical forest dynamics. Biogeosciences 12, 5583–5596.

Berry, J., Bjorkman, O., 1980. Photosynthetic response and adaptation to temperature in
higher plants. Annu. Rev. Plant Physiol. 31, 491–543.

Bhattarai, K.R., Vetaas, O.R., 2003. Variation in plant species richness of different life forms
along a subtropical elevation gradient in the Himalayas, East Nepal. Glob. Ecol.
Biogeogr. 12, 327–340.

https://doi.org/10.1016/j.scitotenv.2018.08.072
https://doi.org/10.1016/j.scitotenv.2018.08.072
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0005
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0005
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0005
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0010
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0010
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0015
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0015
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0015
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0020
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0020
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0025
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0025
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0030
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0030
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0035
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0035
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0035


1221A. Ali et al. / Science of the Total Environment 647 (2019) 1211–1221
Bongers, F., Poorter, L., Rompaey, R.S.A.R., Parren, M.P.E., 1999. Distribution of twelve
moist forest canopy tree species in Liberia and Côte d'Ivoire: response curves to a cli-
matic gradient. J. Veg. Sci. 10, 371–382.

Borchert, R., 1998. Responses of tropical trees to rainfall seasonality and its long-term
changes. Clim. Chang. 39, 381–393.

Chave, J., Coomes, D., Jansen, S., Lewis, S., Swenson, N.G., Zanne, A.E., 2009. Towards a
worldwide wood economics spectrum. Ecol. Lett. 12, 351–366.

Chave, J., Rejou-Mechain, M., Burquez, A., Chidumayo, E., Colgan, M.S., Delitti, W.B., et al.,
2014. Improved allometric models to estimate the aboveground biomass of tropical
trees. Glob. Chang. Biol. 20, 3177–3190.

Chiang, J.-M., Spasojevic, M.J., Muller-Landau, H.C., Sun, I.-F., Lin, Y., Su, S.-H., et al., 2016.
Functional composition drives ecosystem function throughmultiple mechanisms in a
broadleaved subtropical forest. Oecologia 182, 829–840.

Chu, C., Bartlett, M., Wang, Y., He, F., Weiner, J., Chave, J., et al., 2016. Does climate directly
influence NPP globally? Glob. Chang. Biol. 22, 12–24.

Ciais, P., Reichstein, M., Viovy, N., Granier, A., Ogée, J., Allard, V., et al., 2005. Europe-wide
reduction in primary productivity caused by the heat and drought in 2003. Nature
437, 529.

Clark, D.B., Clark, D.A., Read, J.M., 1998. Edaphic variation and the mesoscale distribution
of tree species in a neotropical rain forest. J. Ecol. 86, 101–112.

Clark, D.A., Piper, S.C., Keeling, C.D., Clark, D.B., 2003. Tropical rain forest tree growth and
atmospheric carbon dynamics linked to interannual temperature variation during
1984–2000. Proc. Natl. Acad. Sci. 100, 5852–5857.

Conti, G., Díaz, S., 2013. Plant functional diversity and carbon storage - an empirical test in
semi-arid forest ecosystems. J. Ecol. 101, 18–28.

Cornelissen, J.H.C., Lavorel, S., Garnier, E., Díaz, S., Buchmann, N., Gurvich, D.E., et al., 2003.
A handbook of protocols for standardised and easy measurement of plant functional
traits worldwide. Aust. J. Bot. 51, 335–380.

De'ath, G., 2007. Boosted trees for ecological modeling and prediction. Ecology 88,
243–251.

Díaz, S., Lavorel, S., de Bello, F., Quetier, F., Grigulis, K., Robson, M., 2007. Incorporating
plant functional diversity effects in ecosystem service assessments. Proc. Natl. Acad.
Sci. U. S. A. 104, 20684–20689.

Durán, S.M., Sánchez-Azofeifa, G.A., Rios, R.S., Gianoli, E., 2015. The relative importance of
climate, stand variables and liana abundance for carbon storage in tropical forests.
Glob. Ecol. Biogeogr. 24, 939–949.

Elith, J., Leathwick, J.R., Hastie, T., 2008. A working guide to boosted regression trees.
J. Anim. Ecol. 77, 802–813.

Engelbrecht, B.M.J., Kursar, T.A., Tyree, M.T., 2005. Drought effects on seedling survival in a
tropical moist forest. Trees 19, 312–321.

Engelbrecht, B.M.J., Comita, L.S., Condit, R., Kursar, T.A., Tyree, M.T., Turner, B.L., et al.,
2007. Drought sensitivity shapes species distribution patterns in tropical forests. Na-
ture 447, 80.

Enquist, B.J., Kerkhoff, A.J., Huxman, T.E., Economo, E.P., 2007. Adaptive differences in
plant physiology and ecosystem paradoxes: insights from metabolic scaling theory.
Glob. Chang. Biol. 13, 591–609.

Evans, K.L., Warren, P.H., Gaston, K.J., 2005. Species-energy relationships at the
macroecological scale: a review of the mechanisms. Biol. Rev. 80, 1–25.

FAO, IIASA, ISRIC, ISSCAS, JRC, 2012. Harmonized World Soil Database (Version 1.2). FAO
and IIASA, Rome, Italy and Laxenburg, Austria.

Gillman, L.N., Wright, S.D., Cusens, J., McBride, P.D., Malhi, Y., Whittaker, R.J., 2015. Lati-
tude, productivity and species richness. Glob. Ecol. Biogeogr. 24, 107–117.

Harms, K.E., Condit, R., Hubbell, S.P., Foster, R.B., 2001. Habitat associations of trees and
shrubs in a 50-ha neotropical forest plot. J. Ecol. 89, 947–959.

Hogg, E.H., 1997. Temporal scaling of moisture and the forest-grassland boundary in
western Canada. Agric. For. Meteorol. 84, 115–122.

Huxman, T.E., Smith, M.D., Fay, P.A., Knapp, A.K., Shaw, M.R., Loik, M.E., et al., 2004. Con-
vergence across biomes to a common rain-use efficiency. Nature 429, 651.

Jucker, T., Bongalov, B., DFRP, Burslem, Nilus, R., Dalponte, M., Lewis, S.L., et al., 2018. To-
pography shapes the structure, composition and function of tropical forest land-
scapes. Ecol. Lett. 21, 989–1000. https://doi.org/10.1111/ele.12964.

Kerkhoff, A.J., Enquist, B.J., Elser, J.J., Fagan, W.F., 2005. Plant allometry, stoichiometry and
the temperature-dependence of primary productivity. Glob. Ecol. Biogeogr. 14,
585–598.

Kluge, J., Kessler, M., Dunn, R.R., 2006.What drives elevational patterns of diversity? A test
of geometric constraints, climate and species pool effects for pteridophytes on an
elevational gradient in Costa Rica. Glob. Ecol. Biogeogr. 15, 358–371.

Lane, D.R., Coffin, D.P., Lauenroth, W.K., 1998. Effects of soil texture and precipitation on
above-ground net primary productivity and vegetation structure across the Central
Grassland region of the United States. J. Veg. Sci. 9, 239–250.

Lin, D., Anderson-Teixeira, K.J., Lai, J., Mi, X., Ren, H., Ma, K., 2016. Traits of dominant tree
species predict local scale variation in forest aboveground and topsoil carbon stocks.
Plant Soil 1–12.

Lin, S., Jiang, Y., He, J., Ma, G., Xu, Y., Jiang, H., 2017. Changes in the spatial and temporal
pattern of natural forest cover on Hainan Island from the 1950s to the 2010s: impli-
cations for natural forest conservation and management. PeerJ 5, e3320.
Lohbeck, M., Poorter, L., Lebrija-Trejos, E., Martinez-Ramos, M., Meave, J., Paz, H., et al.,
2013. Successional changes in functional composition contrast for dry and wet trop-
ical forest. Ecology 94, 1211–1216.

Malhi, Y., 2012. The productivity, metabolism and carbon cycle of tropical forest vegeta-
tion. J. Ecol. 100, 65–75.

Mason, N.W.H., MacGillivray, K., Steel, J.B., Wilson, J.B., 2003. An index of functional diver-
sity. J. Veg. Sci. 14, 571–578.

Michaletz, S.T., Cheng, D., Kerkhoff, A.J., Enquist, B.J., 2014. Convergence of terrestrial plant
production across global climate gradients. Nature 512, 39–43.

Michaletz, S.T., Kerkhoff, A.J., Enquist, B.J., 2018. Drivers of terrestrial plant production
across broad geographical gradients. Glob. Ecol. Biogeogr. 27, 166–174.

Noy-Meir, I., 1973. Desert Ecosystems: Environment and producers. Annu. Rev. Ecol. Syst.
4, 25–51.

Pakeman, R.J., Quested, H.M., 2007. Sampling plant functional traits: what proportion of
the species need to be measured? Appl. Veg. Sci. 10, 91–96.

Pan, Y., Birdsey, R.A., Fang, J., Houghton, R., Kauppi, P.E., Kurz, W.A., et al., 2011. A large
and persistent carbon sink in the world's forests. Science 333, 988–993.

Paquette, A., Messier, C., 2011. The effect of biodiversity on tree productivity: from tem-
perate to boreal forests. Glob. Ecol. Biogeogr. 20, 170–180.

Phillips, O.L., van der Heijden, G., Lewis, L.S., Gabriela, L.-G., Aleo, C., Jon, L., et al., 2010.
Drought–mortality relationships for tropical forests. New Phytol. 187, 631–646.

Pielou, E.C., 1969. An Introduction to Mathematical Ecology. Wiley Interscience, Toronto.
Ponce-Campos, G.E., Moran, M.S., Huete, A., Zhang, Y., Bresloff, C., Huxman, T.E., et al.,

2013. Ecosystem resilience despite large-scale altered hydroclimatic conditions. Na-
ture 494, 349.

Poorter, L., Markesteijn, L., 2008. Seedling traits determine drought tolerance of tropical
tree species. Biotropica 40, 321–331.

Poorter, L., van der Sande, M.T., Arets, E.J.M.M., Ascarrunz, N., Enquist, B., Finegan, B., et al.,
2017. Biodiversity and climate determine the functioning of neotropical forests. Glob.
Ecol. Biogeogr. 26, 1423–1434.

Prado-Junior, J.A., Schiavini, I., Vale, V.S., Arantes, C.S., Sande, M.T., Lohbeck, M., et al., 2016.
Conservative species drive biomass productivity in tropical dry forests. J. Ecol. 104,
817–827.

Quesada, C.A., Phillips, O.L., Schwarz, M., Czimczik, C.I., Baker, T.R., Patiño, S., et al., 2012.
Basin-wide variations in Amazon forest structure and function are mediated by
both soils and climate. Biogeosciences 9, 2203–2246.

Reyes, G., Brown, S., Chapman, J., Lugo, A.E., 1992. Wood densities of tropical tree species.
Gen. Tech. Rep. SO-88. 88. US Dept of Agriculture, Forest Service, Southern Forest Ex-
periment Station, New Orleans, LA (15 p).

Sala, O.E., Parton, W.J., Joyce, L.A., Lauenroth, W.K., 1988. Primary production of the Cen-
tral Grassland Region of the United States. Ecology 69, 40–45.

Sanaei, A., Chahouki, M.A.Z., Ali, A., Jafari, M., Azarnivand, H., 2018. Abiotic and biotic
drivers of aboveground biomass in semi-steppe rangelands. Sci. Total Environ. 615,
895–905.

Shannon, C.E., 1948. A mathematical theory of communication. Bell Syst. Tech. J. 27,
379–423.

Simpson, E.H., 1949. Measurement of diversity. Nature 163, 688.
Singh, J.S., Raghubanshi, A.S., Singh, R.S., Srivastava, S.C., 1989. Microbial biomass acts as a

source of plant nutrients in dry tropical forest and savanna. Nature 338, 499.
Singh, R., Sagar, R., Srivastava, P., Singh, P., Singh, J.S., 2017. Herbaceous species diversity

and soil attributes along a forest-savanna-grassland continuum in a dry tropical re-
gion. Ecol. Eng. 103, 226–235.

Swaine, M.D., 1996. Rainfall and soil fertility as factors limiting forest species distributions
in Ghana. J. Ecol. 84, 419–428.

ter Steege, H., Jetten, V.G., Polak, A.M., Werger, M.J.A., 1993. Tropical rain forest types and
soil factors in a watershed area in Guyana. J. Veg. Sci. 4, 705–716.

Toledo, M., Peña-Claros, M., Bongers, F., Alarcón, A., Balcázar, J., Chuviña, J., et al., 2012.
Distribution patterns of tropical woody species in response to climatic and edaphic
gradients. J. Ecol. 100, 253–263.

Wright, D.H., 1983. Species-energy theory: an extension of species-area theory. Oikos 41,
496–506.

Wright, S.J., Yavitt, J.B., Wurzburger, N., Turner, B.L., Tanner, E.V.J., Sayer, E.J., et al., 2011.
Potassium, phosphorus, or nitrogen limit root allocation, tree growth, or litter pro-
duction in a lowland tropical forest. Ecology 92, 1616–1625.

Yachi, S., Loreau, M., 2007. Does complementary resource use enhance ecosystem func-
tioning? A model of light competition in plant communities. Ecol. Lett. 10, 54–62.

Yuan, Z., Ali, A., Wang, S., Gazol, A., Freckleton, R., Wang, X., et al., 2018. Abiotic and biotic
determinants of coarse woody productivity in temperate mixed forests. Sci. Total En-
viron. 630, 422–431.

Zanne, A.E., Lopez-Gonzalez, G., Coomes, D.A., Ilic, J., Jansen, S., Lewis, S.L., et al., 2009. Data
from: Towards a Worldwide Wood Economics Spectrum. Dryad Data Repository.

http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0040
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0040
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0040
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0045
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0045
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0050
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0050
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0055
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0055
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0060
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0060
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0065
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0065
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0070
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0070
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0070
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0075
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0075
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0080
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0080
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0080
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0085
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0085
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0090
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0090
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0095
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0095
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0100
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0100
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0100
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0105
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0105
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0105
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0110
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0110
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0115
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0115
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0120
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0120
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0125
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0125
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0125
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0130
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0130
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0135
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0135
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0140
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0140
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0145
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0145
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0150
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0150
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0155
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0155
https://doi.org/10.1111/ele.12964
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0165
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0165
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0165
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0170
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0170
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0170
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0175
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0175
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0175
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0180
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0180
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0180
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0185
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0185
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0185
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0190
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0190
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0195
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0195
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0200
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0200
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0205
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0205
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0210
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0210
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0215
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0215
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0220
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0220
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0225
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0225
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0230
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0230
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0235
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0240
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0245
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0245
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0250
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0250
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0255
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0255
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0260
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0260
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0265
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0265
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0270
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0270
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0270
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0275
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0275
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0280
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0280
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0280
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0285
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0285
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0290
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0295
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0295
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0300
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0300
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0300
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0305
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0305
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0310
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0310
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0315
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0315
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0320
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0320
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0325
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0325
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0330
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0330
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0335
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0335
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0335
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0340
http://refhub.elsevier.com/S0048-9697(18)32979-6/rf0340

	Climatic water availability is the main limiting factor of biotic attributes across large-�scale elevational gradients in t...
	1. Introduction
	2. Materials and methods
	2.1. Study area and forest inventory data
	2.2. Response variables: Biotic attributes
	2.3. Explanatory variables: Abiotic drivers
	2.4. Statistical analyses

	3. Results
	4. Discussion
	5. Conclusions
	Data availability
	Contribution of the co-authors
	Acknowledgements
	Appendix A. Supplementary data
	References




